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RL agents learn shortcuts! ]330
They cannot adapt to task
simplifications.

Problem

(1) Deep RL agents struggle to adapt even to slight environmental changes, like freezing the enemy in Pong.

() RL agents learn shortcuts instead of their true objectives. Existing methods (e.g. importance maps) fail to detect these misalignments.

Original Pong Environment Lazy Enemy Variation

Explanation

Evaluating on training environment leads to perfect score @, However, changing the enemy's behavior
consistent actions @, and intuitive explanation maps @ . prevent the agent from catching the ball.

HackAtan

HackAtari introduces variations in ALE games. You can use it to detect that your RL agents are misaligned.
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Results

Using HackAtati, we show that DRL agents, contrary to humans, fail to adapt to tasks simplifications.

I Original

Strict Simplification No Difficulty Change
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Average performances drop of RL algorithms on tasks simplifications. Detailed (per-game) performance changes of RL agents and humans.
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